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Abstract :

This study aimed to explore the impact of big data analytics on improving economic
policy decisions in the Palestinian context, by assessing the level of utilization of these
technologies in government institutions concerned with formulating and implementing
economic policies, determining the level of quality of economic decisions, analyzing the
relationship between them, in addition to identifying the challenges that limit the benefit
of big data analytics in supporting economic decision-making. The study adopted the
descriptive analytical approach and used a questionnaire as the main tool for data
collection from a sample of (50) participants working in Palestinian government
institutions, distributed across senior, middle, and executive management levels, with
diverse experiences and academic qualifications. Using SPSS and Stata, the data were
statistically analyzed. The results showed that the level of utilization of big data
analytics in economic decision-making institutions was moderate, as well as the level of
quality of economic policy decisions. Multiple linear regression analysis revealed a
statistically significant impact of big data analytics collectively on improving decision
quality, where the model explained 85% of the variance in the quality of economic
policy decisions. Infrastructure and technical capabilities were the most influential,
followed by types of analytics used, then organizational factors, while the impact of
human resources and the level of analytics utilization in economic policy areas was
limited and weak. The study recommended developing digital infrastructure,
transitioning to advanced analytics, building human capacities, developing legislative
frameworks, improving data quality, allocating sufficient budgets to support digital
transformation projects, and conducting further in-depth future studies in this field.

Keywords:

Big Data Analytics, Economic Policy Decisions, Decision Quality, Palestinian Context,
Government Institutions.
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